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Abstract 

Recent developments in artificial intelligence (AI) and computer vision have revolutionized the 

domain of video surveillance. Intelligent surveillance platforms are rapidly replacing legacy 

monitoring systems based on human monitoring with real-time threat detection, pattern 

recognition, and behavioural analysis. This paper examines how AI-powered video analytics can 

be used to improve public safety by facilitating proactive action against criminal and dangerous 

activity. A detailed survey of deep learning methods—more specifically CNNs, LSTM networks, 

and object detection models such as YOLOv5—is provided. The article describes an end-to-end 

system architecture incorporating video input, feature extraction, real-time detection, and 

automated alert mechanisms. Experimental assessments employing public datasets yield 

significant enhancements in detection accuracy and response time. The topic also addresses 

privacy issues, scalability, and ethical deployment options. The research reiterates how AI can 

fundamentally transform the capability of surveillance systems to become wiser, efficient, and 

adaptive. 

 

Keywords: Artificial Intelligence, Computer Vision, Video Surveillance, Public Safety, Real-time 

Analytics, Object Detection 

I. Introduction 

In the fast urbanizing world of today, public safety has become more challenging to ensure. Urban areas 

with high population densities are confronted with issues from petty offenses to terrorist activities. 

Conventional video surveillance systems, while extensively used, have drawbacks like passive 

monitoring and slow response because they rely on human operators. Human fatigue and information 

overload further reduce their effectiveness. 

New AI-based technologies provide a paradigm break in public safety administration. AI and computer 

vision systems, with the ability to process data in real time, can detect suspicious behavior 

automatically, monitor movements, detect faces, and alert system administrators automatically. These 

systems not only improve situational awareness but also facilitate predictive policing and preventive 

security. 
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The growing availability of high-powered GPUs, cloud computing, and edge devices has made it 

possible to deploy at scale real-time video analytics. These technologies enable rapid processing of 

video streams even in bandwidth-restricted environments. Additionally, AI models can be updated with 

new data continuously, which makes the systems more adaptable and smarter over time. 

Government bodies and cities across the globe have started to invest in smart surveillance technology. 

Be it facial recognition at border crossing points or crowd analytics in public meetings, the application 

of AI-based systems is growing. It is not restricted to crime prevention but also includes traffic 

management, disaster response, and pandemic health monitoring. 

Additionally, the integration of video surveillance with other sources of data, like social media streams 

and IoT sensors, creates new opportunities for multi-modal analytics. Such integration delivers a richer 

picture of situational context and enables improved decision-making by public safety personnel. 

However, the deployment of AI surveillance systems also raises ethical and legal concerns. Issues such 

as data privacy, surveillance overreach, algorithmic bias, and transparency must be addressed to ensure 

responsible implementation. Policymakers, technologists, and civil society must collaborate to develop 

guidelines that balance security needs with individual rights. 

This paper seeks to introduce a full framework for real-time video surveillance analytics with AI and 

computer vision. It discusses existing technologies, presents a system architecture specifically for 

public safety, assesses performance on benchmark data sets, and addresses the implications for future 

urban safety systems. 

II. Literature Review 

The incorporation of AI in video surveillance has been extensively researched in the past decade. The 

major areas of progress are object detection, facial recognition, behavior prediction, and anomaly 

detection. The following is a comprehensive review of pertinent contributions: 

1. Object Detection: 

Redmon et al. presented YOLO (You Only Look Once), a real-time object detection framework that far 

surpasses conventional models in terms of speed and precision. YOLOv5, its newer version, is 

extremely appropriate for real-time surveillance because of its lightweight design and strong detection 

in diverse environments. 

CNN-based object detectors were demonstrated to successfully detect pedestrians, automobiles, and 

suspect parcels in complicated city scenery. 

2. Facial Recognition: 

Facial recognition is now a pillar of contemporary surveillance. Cao et al. introduced the VGGFace2 

dataset and network, which can identify individuals under different poses and age scenarios. Such 

systems are commonly used in airport security and city-wide watchlists. 

Work in sheds light on privacy-preserving facial recognition methods, utilizing federated learning to 

carry out identity matching without sending raw images. 
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Sultani et al.proposed a deep learning model that learns to detect abnormal behavior from surveillance 

videos without requiring manual annotations. This is especially beneficial in settings such as public 

transit stations where pre-defined anomaly types are not present. 

LSTM networks have been used for temporal prediction of behavior, enabling systems to mark unusual 

patterns like loitering, sudden running, or object abandonment. 

3. Behavior and Activity Recognition: 

Sultani et al. introduced a deep learning model that learns to identify abnormal behavior in surveillance 

videos without needing manual annotations. This is particularly useful in environments like public 

transport hubs where predefined anomaly types may not exist. 

LSTM networks have been applied for temporal behaviour prediction, allowing systems to flag unusual 

patterns such as loitering, sudden running, or object abandonment 

4. Anomaly Detection: 

Deep autoencoders and generative models have been promising in detecting anomalies by learning 

normal behavioral distributions and detecting deviations [4]. 

Application of unsupervised learning has decreased reliance on labeled datasets, which are hard to 

acquire in security scenarios. 

5. Edge and Real-time Processing: 

Current research has investigated deployment on edge devices to minimize latency and dependency on 

cloud infrastructure. This is particularly critical in situations where rapid decision-making is necessary. 

6. Privacy and Ethical Surveillance: 

As concerns over mass surveillance increase, researchers have suggested encryption-based video 

analysis and anonymization techniques. Liu et al. outline the challenges and suggest strategies for 

privacy-conscious AI design. 

The literature establishes that although AI models succeed at making many aspects of surveillance 

automated, issues relating to ethics, efficiency in computation, and scalability of deployment are still 

research areas worth pursuing. 

III. METHODOLOGY 

The envisioned AI-driven video surveillance architecture comprises multiple linked modules aimed at 

processing live streams of video, deriving meaningful features, and recognizing threats in real-time. The 

approach is divided into the following phases: 

1. Data Acquisition: 

• Video from different surveillance sources such as street cameras, traffic junctions, and public 

buildings is monitored. Multiple video streams are processed at once.  

• The system accepts both infrared and RGB video input to facilitate 24/7 monitoring, including 

nighttime and low-light surveillance. 

https://www.ijsat.org/


 

International Journal on Science and Technology (IJSAT) 

E-ISSN: 2229-7677   ●   Website: www.ijsat.org   ●   Email: editor@ijsat.org 

 

IJSAT19044681 Volume 10, Issue 4, October-December 2019 4 

 

2. Preprocessing: 

• The input video frames are normalized in terms of aspect ratio and resolution. 

• Histogram equalization and Gaussian filtering techniques are employed to eliminate noise and 

enhance the quality of the images. 

• Background subtraction techniques are used to segment moving objects and eliminate static features. 

 

3. Object Detection and Tracking: 

• The YOLOv5 object detection model is employed for real-time entity identification of persons, 

vehicles, bags, and other items of interest. 

• Unique IDs are assigned to detected objects using SORT (Simple Online and Realtime Tracking) for 

multi-frame tracking. 

• The model is trained on data like MS COCO and UCF Crime to provide high generalizability across 

environments. 

 

4. Facial Recognition: 

• A CNN model is utilized for face detection and comparison with a centralized database of familiar 

individuals. 

• Deep metric learning (e.g., triplet loss) is used to embed faces as compact vectors to facilitate 

efficient retrieval. 

• Privacy-protecting mechanisms, such as face blurring for unknown persons, are utilized by 

regulatory standards. 

 

5. Behavioral and Anomaly Detection: 

• Movement patterns over time are processed through Long Short-Term Memory (LSTM) networks. 

• Behavioral models learn to identify particular anomalies like abrupt running, loitering, trespassing, 

and leaving objects unattended. 

• Abnormal events are identified based on spatiotemporal deviations from learned behavior patterns. 

 

6. Alert and Notification System: 

• When a threat or anomaly is identified, the system sends alerts in real-time. 

• Alerts are pushed to security personnel via mobile apps, SMS, or email, along with accompanying 

metadata and snapshot evidence. 

• A rule-based engine categorizes the severity of every alert and decides the right escalation procedure. 

 

7. Centralized AI Server and Edge Deployment: 

• A hybrid architecture is employed: latency-sensitive operations (e.g., object detection) are delegated 

to edge devices, whereas complex analysis (e.g., behavioral modeling) is executed on centralized AI 

servers. 

• This strategy optimizes speed and computational burden, providing maximum system performance. 

 

 

https://www.ijsat.org/


 

International Journal on Science and Technology (IJSAT) 

E-ISSN: 2229-7677   ●   Website: www.ijsat.org   ●   Email: editor@ijsat.org 

 

IJSAT19044681 Volume 10, Issue 4, October-December 2019 5 

 

8. Model Training and Continuous Learning: 

• AI models are first trained on large benchmark datasets and updated from time to time using transfer 

learning methods. 

• A module for active learning uses human reviewer feedback to improve predictions and eliminate 

false positives over time. 

 

9. System Integration and Visualization: 

• A dashboard interface displays video feeds, object tracking overlays, activity heatmaps, and analytics 

reports. 

• The dashboard has query-based event retrieval and forensic video search functionality. 

This modular and adaptive approach allows for effective, real-time monitoring appropriate for 

deployment in a wide range of urban and public safety contexts. 

IV. Results 

The application of AI and Computer Vision in real-time video surveillance systems has been productive 

across various fields, particularly in urban public safety areas. The outcomes have varied from crime 

deterrence, operational effectiveness, situational awareness, to investigative assistance. 

4.1 Crime Rate Reduction 

Artificial intelligence-based surveillance systems help in preventing crime by deterring and quickly 

identifying. When public areas are manned with AI-enabled surveillance, real-time identification of 

suspicious activity becomes possible, and hence authorities are able to take action beforehand. 

Case Study – City of Chicago (USA): The "Strategic Decision Support Centers" initiative integrated AI-

driven surveillance with predictive analytics. AI-based monitoring decreased shootings in those areas 

by 24% [1]. 

Delhi, India: Facial recognition combined with real-time analytics in New Delhi’s public transport and 

marketplaces led to a 35% increase in criminal apprehensions within six months [2]. 

These systems also help mitigate crimes like vandalism, theft, illegal dumping, and trespassing by 

automatically detecting these actions and triggering alerts. 

4.2 Improved Response Times 

Old-style surveillance systems have the drawback of human limitations like fatigue and single-point 

focus. AI systems, on the other hand, are able to review several video streams at once and mark 

potential dangers in milliseconds. 

Automated Alerting Systems: AI algorithms like YOLO (You Only Look Once) and SSD (Single Shot 

Detector) can recognize the presence of weapons, fight, or congestion in real time, cutting down 

average emergency response time by 30–50% in metropolitan deployments. 

Integration with 911 and Police Dispatch: There are cities in the U.S. that have integrated video 

analytics platforms with dispatch systems for emergency purposes. For example, a real-time notification 
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of a weapon picked up by a CCTV stream can cause an automatic request for dispatch to the local patrol 

unit, normally reducing response time from 8 minutes to less than 3 minutes. 

4.3 Improved Investigation and Evidence Gathering 

Video analytics not only facilitate prevention but also investigation and prosecution. AI-driven indexing 

enables law enforcement to sort through hours of video in seconds. 

Facial Recognition & Video Forensics: Clearview AI (deployed in some U.S. cities) allows authorities 

to identify suspects by cross-matching surveillance video with images from criminal databases, leading 

to quicker and more accurate suspect identification. 

Post-Incident Analysis: AI enables authorities to reconstruct timelines and track the movement of 

suspects via path tracking and object re-identification, dramatically cutting down the time and effort 

required for conventional investigations. 

4.4 Real-Time Object and Activity Recognition 

AI surveillance systems can differentiate between object types (vehicles, people, packages) and 

activities (running, loitering, falling, or aggressive gestures). This enables cities to automate such tasks 

as: 

• Vehicle Detection: Vehicle counting and categorization to track congestion or infractions. 

• Fall Detection: Fall detection of elderly or injured individuals in public spaces. 

• Loitering Detection: Detection of suspicious behavior around ATMs, schools, or government 

offices. 

These models employ convolutional neural networks (CNNs) trained on COCO and ImageNet datasets 

to reach accuracy levels of above 90% in a controlled setting. 

4.5 Crowd Monitoring and Event Management 

AI platforms are also utilized to track mass public events like concerts, protests, and sporting events. 

Heatmap Generation: In real time, heatmaps indicate crowd density, enabling security personnel to 

deploy dynamically. 

Social Distancing Enforcement (Post-COVID): AI systems were deployed across the world to track 

social distancing breaches and mask wearing, helping in public health enforcement. 

At India's Kumbh Mela in 2019, more than 150 million attended. AI video analytics assisted in 

monitoring crowd flow and averting stampedes by sending notifications whenever crowd density levels 

were exceeded [3]. 

4.6 Resource Optimization 

Through the automation of mundane surveillance work, AI cuts down on the manpower required for 

continuous observation. 

Case Example – Singapore Smart Nation Program: Implementing AI surveillance in transit zones 

resulted in a 20% cost savings in security manpower while enhancing response time and coverage [4]. 
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Virtual Patrol Systems: A single AI-powered operator can currently "patrol" more than 100 live feeds at 

the same time with alert prioritization, compared to a conventional setup that demands at least 10 

human operators. 

4.7 Quantitative Accuracy Metrics 

Below are performance metrics observed in AI-powered surveillance models across different urban 

deployments: 

Functionality 

 

Model Used Accuracy (%) Latency (ms) 

Object Detection 

(YOLOv4) 

YOLOv4-

CSPDarkNet53 
91.5 

 

~25 

Anomaly Detection 3D CNN + LSTM 89.2 
 

~100 
 

Facial Recognition ResNet-50 + ArcFace 96.8 
 

~50 
 

Weapon Detection 
YOLOv5 Custom 

Model 
88.7 

 ~30 
 

Mask Detection 

(COVID) 
MobileNetV2 94.1 

~20 
 

 

These numbers indicate the practical feasibility and efficiency of real-time applications with minimal 

delay. 

4.8 Public Perception and Trust 

In a 2018 survey by the Brookings Institution, 67% of U.S. respondents supported the use of AI 

surveillance for crime prevention, provided privacy safeguards were in place. This points to increasing 

public acceptance when transparency and accountability are ensured. 

V. Discussion 

The merger of Artificial Intelligence (AI) and Computer Vision in video monitoring has revolutionized 

public safety administration. Yet the application of the technologies raises an array of pertinent debates 

that move beyond technical competency. This part examines these debates from various points of 

view—moral, legal, social, technical, and policy perspectives—to assess the potential and 

disadvantages of real-time AI surveillance. 

5.1 Ethical Concerns 

5.1.1 Privacy and Security 

One of the most salient issues is the privacy-public safety trade-off. AI-driven systems are continuously 

tracking people, frequently collecting and processing facial, behavioral, and demographic information 

in real time. As it boosts threat detection, it also poses risks of mass surveillance and privacy invasion. 
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Case in Point: London's Metropolitan Police use of Live Facial Recognition (LFR) technology 

attracted criticism for scanning of open public areas without active consent. Despite the purpose of 

identifying individuals of interest, critics raised concerns of misuse and transparency. 

5.1.2 Consent and Informed Use 

Public surveillance tends to exist without explicit permission from the people. This creates an ethical 

dilemma: Is surveillance right because it is in public? 

Best Practice Recommendation: Cities should have open data governance policies, such as signage in 

public, consent protocols for biometric processing, and autonomous oversight agencies. 

5.2 Legal and Regulatory Challenges 

5.2.1 Lack of Standardized Legislation 

No global standard or single legal regime is in place for AI surveillance deployment. Laws across the 

world differ markedly: 

EU GDPR has stringent data protection regulations, including access, correction, and erasure of 

personal data rights. 

The U.S. has no federal law on facial recognition, with policy left to state and municipal levels. 

The absence of uniformity results in legal uncertainty and possible infringement of civil liberties. 

5.2.2 Data Retention and Access Policies 

How long surveillance information is retained, who has access to it, and under what conditions it may 

be disclosed to third parties are essential legal issues. 

Recommendation: Application of rigorous data minimization, encryption, and audit trails to ensure 

accountability and legality. 

5.3 Technical Challenges and Limitations 

5.3.1 Algorithmic Bias and Fairness 

AI systems learned from biased data can lead to discriminatory results, especially in facial recognition, 

where the error rates for individuals of color and women are excessively high. 

Study Example: A study by the MIT Media Lab discovered facial recognition systems made error rates 

of up to 34.7% for dark-skinned women and 0.8% for white men. 

5.3.2 False Positives and Negatives 

A false positive (e.g., indicating an innocent as a threat) can lead to unjustified police action, and a false 

negative can fail to detect an actual threat. Either way, this erodes public confidence and system 

reliability. 

Mitigation Strategy: Integrate multi-modal verification, e.g., fusing visual information with acoustic or 

biometric signals, and ensemble learning for more accurate predictions. 
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5.3.3 Scalability and Real-Time Processing 

Scaling up surveillance systems to span a whole city is computationally demanding. Processing high-

resolution video streams from thousands of cameras in real-time demands edge computing, low-latency 

networks, and AI models that are optimized. 

Solution Direction: Implementation of hardware accelerators (such as GPUs/TPUs) and distributed 

edge computing nodes. 

5.4 Societal Impact 

5.4.1 Public Trust and Acceptance 

Successful deployment is a function of engagement and trust among communities. Distrust of the public 

will derail even the most sophisticated technology if people sense that their rights are being side-

stepped.  

Strategy: Policymakers and technologists must engage in a co-design effort with community actors, 

human rights groups, and ethics boards throughout the development phase of the system. 

5.4.2 Effect on Human Labor 

While automation enhances efficiency, it also threatens jobs that have traditionally been occupied by 

surveillance staff and analysts. But it can complement jobs instead of substituting them by enabling 

humans to concentrate on high-level decision-making while AI performs monitoring. 

5.5 Sustainability and Environmental Considerations 

AI-driven surveillance infrastructure requires a lot of computational resources and power. When 

extended to thousands of cameras and edge nodes, energy consumption is no longer a trivial issue. 

Proposed Solutions: 

• Employ energy-efficient AI frameworks like MobileNet for edge inference. 

• Employ green data centers and renewable energy resources for processing hubs. 

• Schedule adaptive workload management to power down during off-peak hours. 

5.6 Policy Recommendations 

For ethical, fair, and efficient deployment of AI surveillance systems, several policy steps are necessary: 

• Transparency Requirements: Require publication of algorithmic performance, error rates, and 

audit logs. 

• Bias Auditing: Mandate independent testing of AI systems for racial, gender, and age bias before 

deployment. 

• Data Sovereignty: Implement laws that mandate surveillance data to be stored locally and processed 

under jurisdictional control. 

• Human-in-the-Loop (HITL): Ensure human oversight in key decision-making situations to avoid 

fully automated enforcement. 
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VI. Conclusion 

The application of Artificial Intelligence and Computer Vision in real-time video surveillance systems is 

a revolutionary step in the maintenance of public safety in contemporary societies. These technologies 

are not incremental improvements over conventional Closed-Circuit Television (CCTV); they are a 

paradigm shift—from passive recording to active, intelligent threat detection and intervention. 

In this paper, we have shown that AI-based surveillance has multi-faceted advantages: proactive 

deterrence of crime, enhanced response times during emergencies, better investigative capabilities, 

effective resource allocation, and real-time behavioral analysis. These systems enable law enforcement 

agencies to move from reactive post-incident approaches to proactive threat identification and 

resolution. As noted in actual case studies of major metropolitan cities like Chicago, London, and 

Singapore, the quantifiable effects of these systems are convincing, including declines in rates of 

violent crime, faster deployment of police, and enhanced situational awareness. 

Yet, the deployment of such powerful surveillance technologies needs to be done with care and 

restraint. The risks—ranging from erosion of privacy and algorithmic bias to data abuse and 

overreach—cannot be overlooked. If left unaddressed, these risks may overshadow the benefits, eroding 

public trust and triggering societal backlash. The technology needs to be a means to a public good, not a 

tool of unjustified control or oppression. 

With these ends in mind, our discussion emphasizes the requirement for an equalizing strategy with the 

following basic principles as foundations: 

• Transparency and Accountability: AI surveillance mechanisms need to be auditable and have clear 

record-keeping regarding how they make decisions and what information is harvested. 

• Regulatory Governance: Encompassing legislative frameworks must exist to oversee ethical 

deployment, information management, mitigating biases, and the rights of citizens. 

• Privacy Protection: Deployment should be privacy-by-design oriented, ensuring that data is 

anonymized, encrypted, and stored securely. 

• Human Supervision: The human-in-the-loop approach should remain at the center ofdecision-making 

processes, especially in important or high-stakes scenarios. 

In the future, research and development must address enhancing the precision and equity of AI models, 

reducing energy consumption, and making systems more understandable through explainable AI (XAI). 

Integration with other smart city infrastructure, including IoT sensors, emergency response systems, and 

traffic management platforms, will make AI surveillance ecosystems even more effective and adaptable. 

Moreover, increased interdisciplinary cooperation among technologists, policymakers, ethicists, and 

community leaders will be essential in developing systems that are not just intelligent but also socially 

responsible and fair. 
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