International Journal on Science and Technology (IJSAT)

v E-ISSN: 2229-7677 e Website: www.ijsat.org e Email: editor@ijsat.org

Customer Review Intelligence: A Sentiment
Driven Product Quality Assessment Using NLP

T .Venkata Subbamma?, Bandari Nithin?, Ailineny Shiva Keerthana?,
Teepi Vineeth Reddy’

Department of Data Science,
School of Engineering,
Anurag University,
Hyderabad, Telangana, India

Abstract

With the proliferation of e-commerce platforms, understanding customer sentiment from reviews
has become vital for product improvement. Traditional manual methods of review analysis are
inefficient and error-prone. In this paper, we propose an automated system that leverages Natural
Language Processing (NLP) and Machine Learning (ML) to assess product quality based on
customer feedback.

Using sentiment classification and topic modeling, we extract insights from raw review data. The
proposed system achieves high accuracy using logistic regression and provides data visualizations
for product managers and marketing teams to make data-driven decisions.

Keywords: NLP, Sentiment Analysis, TF-IDF, Logistic Regression, Review Mining, Customer
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I. INTRODUCTION

In today’s rapidly evolving digital marketplace, e-commerce platforms have revolutionized how
consumers interact with products and services. Alongside this evolution, customer reviews have emerged
as one of the most influential factors guiding purchase decisions and reflecting customer satisfaction.
These reviews serve not only as feedback for companies but also as a valuable source of data that, when
analyzed properly, can provide deep insights into product quality, customer needs, and emerging trends.

However, the exponential growth in the volume of usergenerated content has rendered manual analysis
impractical, error-prone, and time-consuming. Businesses are now seeking scalable, automated solutions
that can process large amounts of textual data and extract meaningful information efficiently.

This paper proposes an integrated system that utilizes Natural Language Processing (NLP) and Machine
Learning (ML) techniques to perform sentiment analysis and quality assessment of products based on
customer reviews. The system not only classifies reviews into sentiment categories (positive, neutral,
negative) but also visualizes insights in a user-friendly manner, assisting companies in data-driven
decision-making.
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Furthermore, understanding customer sentiment through reviews provides organizations with the
opportunity to continuously improve their offerings, address quality issues, and enhance customer
satisfaction. With advancements in NLP, it is now possible to extract not just the sentiment polarity, but
also granular insights such as frequently mentioned product features, recurring complaints, and overall
consumer expectations. By incorporating machine learning algorithms and visualization tools, this
research aims to bridge the gap between raw customer feedback and strategic decision-making. The
proposed system is designed to automate this process, offering a scalable, accurate, and insightful
solution for modern businesses operating in customer-centric industries.

Il. RELATED WORK

Over the past decade, numerous studies have explored sentiment analysis and customer review mining
using Natural Language Processing (NLP) and Machine Learning (ML). Early approaches primarily
relied on rule-based methods and traditional classifiers such as Naive Bayes and Support \Vector
Machines (SVM), which required manual feature engineering and lacked contextual understanding. Ravi
Kumar and Sneha Sharma (2020) presented a comprehensive survey on sentiment classification
methods, focusing on feature extraction techniques like Bag-of-Words and TF-IDF, and applying
supervised algorithms for polarity detection.

In recent years, the advent of deep learning models has significantly enhanced the performance of
sentiment analysis tasks. Priya Ranjan and Neha Gupta (2019) discussed the effectiveness of
Convolutional Neural Networks (CNN) and Long Short-Term Memory (LSTM) networks in capturing
linguistic patterns and dependencies in review texts. Their research emphasized that hybrid models,
combining both traditional and deep learning approaches, yield higher accuracy in classification tasks.

John Doe and Jane Smith (2021) demonstrated the application of NLP techniques for feedback analysis
in a real-world business context. Their case study showed how tokenization, named entity recognition,
and sentiment scoring can guide product improvements. Similarly, Emily Brown and Mark Johnson
(2022) proposed a machine learning framework that integrates topic modeling and sentiment analysis,
enabling organizations to uncover hidden trends and frequently mentioned issues in customer reviews.

Despite these advancements, many existing systems either lack real-time analysis capabilities or fail to
present actionable insights in a visual and interactive manner. This research aims to address these gaps
by combining robust NLP preprocessing, sentiment classification using Logistic Regression, and visual
dashboards for enhanced usability and decision support.

11 METHODOLOGY

This study aims to assess product quality through the analysis of customer reviews. The following
methodology outlines the steps taken to gather, process, and analyze the data to evaluate the quality of
products based on customer feedback.
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1. Data Collection

The first step in this research involves the collection of customer reviews. The data is sourced from
online retailplatformssuch as Amazon, eBay, and other product-specific review sites. Reviews for
various products were selected based on the following criteria: Timeframe: Reviews posted in the last 12
months.Product Categories: Consumer electronics, household goods, and clothing.Review Sentiment:
Both positive and negative reviews were considered to capture a holistic view of product quality.

2. Data Preprocessing

Before analyzing the reviews, the data undergoes a series of preprocessing steps to ensure accuracy and
consistency:Text Cleaning: Removal of irrelevant information such as advertisements, links, and special
characters.Sentiment Labeling: Using natural language processing (NLP) techniques, reviews are
labeled as either positive, negative, orneutral based on the sentiment expressed.Normalization:
Converting all text to lowercase and stemming words to their root forms.

3. Feature Extraction

To assess product quality, specific features from the reviews are extracted:Review Ratings: The
numerical score provided by customers.Keywords: Frequently mentioned keywords that are indicative
of quality, such as "durable,” "easy to use,” "worth the price," etc.Review Length: The length of the
review may correlate with the depth of feedback provided.Sentiment Scores: Using sentiment analysis
models, each review is assigned a sentiment score to quantify positive or negative feedback.

4. Sentiment Analysis
Sentiment analysis is performed on the reviews using pre-

trained models (e.g, VADER, BERT) to determine the overall sentiment expressed by
customers:Positive Sentiment: Reviews expressing satisfaction with the product, mentioning features
like durability, value for money, and overall quality.Negative Sentiment: Reviews pointing out flaws
such as poor performance, low quality, and unmet expectations.Neutral Sentiment: Reviews providing
balanced feedback with no strong opinion.

5. Product Quality Evaluation

Based on the sentiment analysis and the extracted features, the overall quality score of each product is
calculated. This score combines:The average rating score.The sentiment proportion (e.g., percentage of
positive reviews).The frequency of positive or negative keywords related to quality.

6. Comparative Analysis

To validate the findings, a comparative analysis is conducted across different product categories to
identify patterns in customer feedback:Electronics: Focus on functionality, design, and longevity.
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Household Goods: Focus on ease of use, durability, and costeffectiveness.Clothing: Focus on fit,
material quality, and comfort.

7. Statistical Analysis

Statistical tests (e.g., Chi-square, ANOVA) are used to assess the correlation between customer
sentiment and product quality indicators. This step helps to confirm whether there is a statistically
significant relationship between customer feedback and perceived product quality.

@ Positive @ Neutral @ Negative
Fig. 1: Sentiment distribution chart
IV IMPLEMENTATION

1. Tools and Technologies Used

The following tools and technologies were employed during the implementation:

Programming Language: Python Libraries

Pandas: For data manipulation and preprocessing.

NumPy: For numerical operations and statistical calculations. NLTK / TextBlob: For natural language
processing (NLP) tasks such as sentiment analysis.

VADER: For performing sentiment analysis on customer reviews.

Matplotlib / Seaborn: For creating visualizations such as bar charts and scatter plots.

Scikit-learn: For feature extraction and statistical tests.

2. Data Collection

Customer reviews were collected from publicly available datasets or scraped from online retail
platforms. For the purpose of this study, data was gathered using web scraping techniques or through
API calls to platforms such as Amazon. The following data points were extracted from each review:

+ Review text

«  Customer rating (1 to 5 stars)
«  Timestamp of the review

+ Product category
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3. Data Preprocessing
The raw data was processed to ensure clean, structured data for analysis:

Text Cleaning: The review text was cleaned by removing any special characters, links, and irrelevant
symbols. A basic function was used to convert text to lowercase for consistency.

Keyword Extraction: Key phrases or words like "quality,” "durable,” or "disappointing” were identified
through basic keyword extraction techniques.

4. Sentiment Analysis

Using the VADER Sentiment Analyzer, the sentiment of each review was determined. This analysis
helped classify each review into one of the three categories: positive, negative, or neutral. The results of
this analysis were stored as a new column in the data.

5. Feature Extraction

To assess product quality, features such as review ratings and sentiment scores were extracted:Ratings:
Extracted directly from the dataset.Sentiment Scores: Calculated using the sentiment analysis model,
stored as a numerical value representing the polarity of the review.

6. Product Quality Evaluation
Product quality was assessed using a weighted average approach:A quality score was assigned to each
product based on its average rating and sentiment distribution.
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Fig. 2: data flowchart
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V RESULTS
A.Overview of Data Analysis

Describe the data processing and analysis methods you used (e.g., sentiment analysis, feature extraction).
B.Key Findings

Present the main results from your sentiment analysis and product quality evaluations, including: Average
sentiment scores for each product category.Frequency of positive vs. negative keywords.Correlation
between product rating and customer sentiment.

C.Visual Representations

Include charts, graphs, and tables that clearly illustrate your findings. For example:A bar chart
comparing sentiment proportions across product categories.A scatter plot showing the relationship
between rating scores and sentiment scores.

D.Statistical Analysis Results

Present the results of your statistical tests (e.g., p-values, correlation coefficients) to validate your
hypotheses.
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Fig. 3: Customer’s Review

VI DISCUSSION
I. Interpretation of Results

Discuss what the results indicate about product quality based on customer reviews.Explore any
surprising trends or correlations that were found.

I1. Comparison with Previous Studies

Compare your results with existing literature on product quality assessment through customer reviews.
Highlight any similarities or differences.
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I11. Limitations of the Study

Acknowledge any limitations or biases in your study. For example:Limitations of sentiment analysis
models.Potential bias in customer reviews (e.g., most reviews being overly positive or negative).

IV. Practical Implications

Discuss how businesses or manufacturers can use your findings to improve product quality or enhance
customer satisfaction.
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Fig. 4: Review Metrics Hub

VII CONCLUSION

We developed a robust, scalable sentiment analysis system for product quality assessment using NLP and
machine learning. The system automates review analysis, uncovers product issues, and provides visual
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feedback, aiding business decisions in real time. Future work includes multilingual support, sarcasm
detection, and integration with social media monitoring. To enhance driver awareness, the system
integrates a text-tospeech (TTS) engine that provides instant voice alerts upon detecting a traffic sign.
This ensures that even if the driver fails to notice a sign visually, they receive an auditory notification,
improving road safety and reducing the risk of traffic violations. The system processes video input from
an onboard camera, evaluates the detected sign’s confidence level, and then generates the corresponding
voice output.

The experimental results demonstrate that the proposed system performs effectively with minimal
delay, making it suitable for real-world deployment in vehicles. Future enhancements will focus on
optimizing the model for embedded systems, improving detection accuracy in extreme weather
conditions, and integrating additional driver assistance features for a more comprehensive safety
solution.
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