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Abstract: 

Business-to-business (B2B) contracting generates high volumes of repetitive legal and compliance 

tasks: security questionnaires, contract redlines, vendor due diligence, and frequently asked questions 

(FAQs) that must be answered consistently. Recent advances in natural language processing (NLP) [1], 

retrieval-augmented generation (RAG), and knowledge-base systems enable new automation paradigms 

that can dramatically reduce time-to-contract, lower operational cost, and allow smaller vendors to scale 

commercial and security operations. This paper presents an integrated architecture for automating B2B 

contract-related processes, explores concrete use cases (security questionnaires, knowledge-base driven 

QA, pre-filling FAQs, and small-company scaling), discusses technical and organizational challenges 

(privacy, model hallucination, auditability, and governance), and proposes evaluation metrics and a 

research agenda for practitioners and researchers. 

 

Index Terms: Gaming, AI, Automation, Security Questionnaires, Artificial Intelligence. 

 

I. INTRODUCTION 

Contracting in B2B contexts is a critical business function that ensures risk allocation, service level 

expectations, and regulatory compliance. Despite its importance, many contract- related workflows 

remain manual, error-prone, and resource intensive. Companies commonly face weeks of 

negotiation over standardized security questionnaires (e.g., SOC, ISO, GDPR-related assessments), 

repetitive FAQ responses to potential customers, and manual intake of contract metadata for 

downstream systems (procurement, billing, legal holds). 

Artificial intelligence (AI), especially large language models (LLMs) combined with structured 

knowledge bases, offers the potential to automate many of these tasks. However, adoption raises 

questions about accuracy, security, data governance, and the distributional limits of existing models. 

This paper synthesizes practical design patterns for automation, proposes a robust architecture, and 

documents evaluation criteria to measure operational and legal effectiveness. 

 

II. BACKGROUND AND RELEVANT WORK 

AI for legal and compliance tasks has a modest but growing literature. Efforts include contract 

analytics, clause classification, and information extraction. Key technical ingredients enabling current 

work are transformer-based language models, retrieval-augmented generation pipelines, and 

knowledge graph/indexing for factual grounding. From a governance perspective, information-security 

standards (e.g., ISO/IEC 27001 [2]) and data-protection regulations (e.g., GDPR [3]) constrain design 

decisions for systems that process personal or sensitive data. 
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Fig. 1.  Facets of AI that can help in software 

 

III. PROBLEM SPACE AND USE CASES 

We focus on four high-value B2B contract automation scenarios: 

• Security Questionnaires: Standardized questionnaires (e.g., vendor security assessments) are time-

consuming but highly repetitive for mature vendors. 

• Knowledge-Base Driven QA: Using an internal knowledge base to answer prospective customer 

queries, legal questions, and to support sales engineering 

• Pre-filling Frequently Asked Questions (FAQs):  Auto- populating forms and FAQ responses to 

accelerate RFP (request for proposal) and RFI (request for information) processing. 

• Scaling for Small Companies: Enabling startups and small vendors to deliver enterprise-grade 

responses with- out large legal/compliance teams. 

 

IV. PROPOSED SYSTEM ARCHITECTURE 

The architecture combines ingestion, knowledge processing, retrieval, LLM-driven generation, 

verification, and feedback. 

Key components: 

• Ingestion: Structured and unstructured documents (PDFs, spreadsheets, diagrams) are parsed and 

normalized. Extracted metadata and document embeddings are stored. 

• Knowledge Base (KB): Hybrid store with structured facts, document references, and vector 

embeddings for semantic search. 

• Retrieval Engine: Selects supporting documents or fragments for grounding the model. 

• LLM + Prompting/Retrieval-Augmented Generation (RAG): Generates candidate answers 

constrained by retrieved evidence and structured templates. [4] 

• Verification/Human-in-the-loop: Automated validators check for mismatches; confidence 

thresholds trigger hu- man review; audit logs record provenance. 
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Fig. 2.  Architecture for Knowledge-Base systems with AI Agents 

 

V. CHALLENGES AND DISCUSSION 

Automation must overcome risks of hallucination, data sensitivity, and performance costs. Accuracy 

can be improved with retrieval grounding and confidence thresholds. Security requires strong 

encryption, access controls, and regulatory compliance. Provenance and auditability are critical for 

trust in legal contexts. Costs can be managed with caching and hybrid model deployment. Finally, 

adoption depends on user trust, which can be reinforced by transparent provenance and presenting AI 

as an assistant rather than an oracle. 

A. Example Workflow 

For a security questionnaire, the system would ingest compliance artifacts, extract key clauses, index 

them, retrieve supporting evidence, generate draft answers, and submit them for human review before 

final approval. 

B. Evaluation Metrics 

Effectiveness can be assessed through accuracy of responses, reduction in turnaround time and 

human effort, quality of audit trails, and analysis of error types. 

C. Broader Impacts 

Automation can make enterprise-level compliance accessible to smaller vendors while freeing larger 

firms from repetitive tasks. However, it may also standardize contract language [5] in ways that reduce 

diversity, shift legal roles toward oversight rather than authorship, and create new vulnerabilities if 

systems are manipulated [6] or poisoned. 

 

VI. CONCLUSION 

AI-enabled automation of B2B contracting is already feasi- ble and could transform how businesses 

handle compliance at scale. Future research should focus on reducing hallucinations in compliance-

sensitive contexts, privacy-preserving model tuning, automated provenance tracking, and designing 

inter- faces that build trust. A conservative approach that emphasizes provenance, human sign-off, and 

monitoring is essential for responsible deployment. 
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